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NEURAL NETWORKS
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size
speed

colour

-O TEXT spam | notspam

O PATIENT healthy | ill

-O IMAGE cat | dog

TN\
N
NI 9%




NEURAL NETWORKS

O

—o CLASSIFICATION TASKS
O ANIMAL rabbit | unicorn

TEXT spam | not spam

sender
reciplent
hyperlinks?

certain words?

PATIENT healthy | ili
IMAGE c5t | dog

TN\
N
||




NEURAL NETWORKS

—o CLASSIFICATION TASKS
O ANIMAL rabbit | unicorn

O TEXT spam | notspam

O PATIENT healthy |l

medical history
temperature

certain symptoms

O IMAGE cat| dog

TN\
N
||




NEURAL NETWORKS

O

O
O
O

—o CLASSIFICATION TASKS

ANIMAL rabbit | unicorn
TEXT spam | notspam
PATIENT healthy | il

IMAGE cat | dog
oixel values
shape?

texture?

TN\
N
||




D
A,

IMAGE PROCESSING




IMAGE PROCESSING

‘‘‘‘‘

7 27 27

7=
Y /




D
AV,

CONVOLUTIONAL LAYER




CONVOLUTIONAL LAYER

/TN
~N
||




DEEP LEARNING

/TN
~N
/

»|NNN""”







SEGMENTATION NETWORK

)




SEGMENTATION NETWORK

NNN'N}I»

o
]
nek|
v
s N
>
4 N
. f /
- 2
g
SRt
l'r
¢
>
Lo
S
)
!
Py
8
T
>
1
&
£

&

e

TN\
N

MM«NN‘{.

/\




SUPERVISED TRAINING

il — &

TN\
N
NI 9%




NETWORK ARCHITECTURES N
N

FULLY
CONVOLUTIONAL
ENCODER

«MI«NNNN

FULLY
CONVOLUTIONAL

DECODER ®
§‘
MAX POOLING LAYER @

NNNNNN» N 0—4

N[ |

\/

/
~

FULLY CONNECTED NETWORK

DROPOUT
LAYER




GENERATIVE ADVERSARIAL NETS

C AL
A,

e

/
~

)N B¢







GENERATIVE ADVERSARIAL NETS

e

/TN
~N
||




CYCLE GAN

” NNNN}W»««HNN«N @m\‘\% QW){»}\% N}NNNNW«'«I{I«{N ”

Generator Generator

M) } NN»'”””‘E" ~ N }\g%}l}}!}l»»ia‘ ~

2z
Al

Discriminator Discriminator




ADVERSARIAL EXAMPLES

>

Network

>

Adversarial Network

/TN
~N
||

e

NS




WORD LANGUAGE MODEL




WORD LANGUAGE MODEL

IN DIESER EPISODE: FADEN! JERUSALEM!

die katzen! stellt ihr jetzt Uber die
mMathematik.

Nnichtsdestotrotz ist wasserstoff-atome ein
lateinische neutron umMm ein etwas,
sie keln schale, umrechnet, hotel, oder

Zzahlenwert.

N die wurzel nun losgelost und Im einsatz —
magnetischen primes sind dabel solch
galileo.
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